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Abstract 
Present paper conducts a meta-analysis of the innovation features that influence the 
intention to use and adoption of information technology (IT) innovation in the 
organizations. Previous studies that assessed the influence of innovation features on 
intention to use and adoption have found inconsistent results and thus created confusion 
among academicians and practitioners. Present study consolidates the findings of 
previous studies using meta-analysis to reveal the key factors behind organizations’ 
intention to use and adoption of IT innovations. The study takes a step further by also 
determining the moderating role of innovation type (product vs. service innovations) and 
socio-economic context (developing vs. developed countries) on the relationships of 
innovation features with intention to use and adoption of IT innovations. It also provides 
multiple insightful theoretical and practical implications.     
Keywords:  IT innovation, intention to use, adoption, innovation type, socio-economic context 
Introduction 
In order to ensure the survival and growth of an organization, it is necessary that significant resources are 
invested in the innovation of products and processes (Knott, 2012). Various scholars have assessed the 
impact of Information Technology (IT) innovation on multiple organizational processes, profitability, and 
consumer satisfaction (Mithas et al., 2012, 2016). Although organizations increasingly enhance their 
effectiveness and efficiency with the innovations in IT; however, intention to use and adoption of the 
innovations continue to be their important consideration. Prior literature builds consensus on the impact 
of innovation features suggested by Rogers’ innovation diffusion theory (relative advantage, compatibility, 
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complexity, trialability, and observability) on organizations’ intention to use and adoption of the innovation 
(Sabherwal et al., 2006). Knowledge of these factors and their impact on intention to use and adoption of 
IT innovation in an organization can help the practitioners to more effectively implement an IT.  
Diffusion of Innovations Theory 
Diffusion of innovations (DOI) refers to the introduction of new products, technologies, and ideas in an 
organization (Rogers, 2003). Scholars have frequently used the DOI theory to study the adoption and use 
of IT innovations, both at individual as well as organizational levels (Moore and Benbasat, 1991; Rogers, 
2003). This theoretical framework has been widely tested and applied to study the diffusion of new 
technologies (Engel et al., 1995). For example, scholars have applied the DOI theory to identify the 
determinants of adoption of electronic-business (Ilin et al., 2017), Internet marketing (Shaltoni, 2017), 
accounting information system (Azmi et al., 2016), augmented reality (Chandra and Kumar, 2018), cloud 
computing (Safari et al., 2015), and social media (Ainin, 2015). Hence, DOI theory has been consistently 
used in several empirical studies.   
The DOI theory does not emphasize on bringing changes in the user organizations. Rather it treats change 
as the reinvention of idea, behavior or object to meet the emerging needs of the organization. Rogers (1983) 
revealed five inherent features of an innovation that determine its diffusion. These features are relative 
advantage, compatibility, complexity, trialability, and observability. However, there is no consistency in 
the findings of past empirical studies on IT innovation diffusion. For example, Safari et al. (2015) found 
complexity not to be a relevant factor affecting the adoption of cloud computing in firms, while Deng et al. 
(2009)’s study observed that complexity significantly influences the adoption of short messaging services 
in the organizations. Similarly, Thong (1999) advised not to be much concerned about relative advantage, 
compatibility, and complexity for the adoption of information systems in small organizations. On the 
contrary, Deng et al. (2009) and Azmi et al. (2016) recommended to pay special attention to these factors 
as they found these factors to be significantly relevant. 
Although it is not unusual to find mixed results in the domain of social and behavioral science research, the 
inconsistency in prior results generates confusion among researchers and practitioners regarding the 
efficacy and relevance of DOI theory, especially in the context intention to use and adoption of IT 
innovations in organizations. Conflicting findings of single research studies are typically attributable to the 
uniqueness of context within which these studies are conducted. To overcome this limitation inherent in a 
single research study, we aimed to conduct a meta-analysis of the impact of five innovation features on 
intention to use and adoption of IT innovations by the organizations. By carrying out a meta-analysis, we 
can statistically consolidate the findings of existing studies and offer conclusive evidence regarding the 
common truth behind them (King and He, 2005).  
There are some meta-analytic review studies that have examined the impact of innovation characteristics 
on the adoption of IT innovation in organizations. For example, Hameed and Counsell (2014) measured the 
effect of innovation features on the adoption of IT in organizations. Similarly, Weigel et al. (2014) conducted 
the meta-analysis of a joint framework of antecedents to IT adoption, created by synthesizing the DOI 
theory and theory of planned behavior. However, these studies did not examine both - intention to use and 
adoption of IT innovations in organizations. Intention to use generally indicates perceptions of use 
intention by organizations that have not yet adopted the innovation. An organization intends to use an 
innovation if it predicts future use of that innovation (Venkatesh and Davis, 2000), and is an important 
perceptual consideration for the organizations looking to adopt novel technologies. Prior studies have also 
reported that potential adoptors’ perceptions of use intention are key to understanding the innovation 
diffusion patterns (Kim et al., 2010; Lu et al., 2011). On the other hand, adoption of IT innovations pertains 
to an organization’s decision to use the innovation for the first time. Zmud (1982) defined adoption as the 
“organizational mandate for change.” It is important to examine intention to use as well as adoption of IT 
innovations as different characteristics of innovation may influence intention to use and adoption 
differently. A clear understanding of this issue would make the theory more precise. Future research in the 
field of IT innovations could build on this understanding to anticipate how their choice of dependent 
variable, i.e., intention to use or adoption of innovation, would contextualize their examinations.  
Conflicting findings in prior IT innovation research could also indicate the likelihood of unexplored factors 
moderating the relationships of innovation features with the intention to use and adoption of IT innovations 
(see Azmi et al., 2016; Deng et al., 2009; Thong, 1999). For example, service innovations and product 
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innovations (Green et al., 2002, Rubalcaba et al., 2010) may also display varying behaviors in terms of their 
intention to use and adoption (Deng et al., 2009; Safari et al., 2015). Similarly, adoption of technology is 
affected by various environmental factors, such as economic context within which an organization exists 
(Chandra and Kumar, 2018; Hameed and Counsell, 2012; Hameed et al., 2012; Rujirawanich et al., 2011; 
Zhu et al., 2006). In other words, features of innovation influential in one economic context, may be 
irrelevant or less influential in a different economic context.  
Based on the above-mentioned background, examination of key contingency effects may resolve the 
inconsistency among prior findings. Hence, we examine the moderating impact of two key contingencies – 
innovation type and socio-economic situation. Specifically, we examine if the influence of innovation 
features on intention to use and adoption varies for different types of IT innovation, i.e., product innovation 
and service innovation. We also examine if socio-economic condition of the country, represented by the 
developed versus developing economy, affects the relationships of innovation features with the 
organizational intention to use and adoption of IT innovations. By conducting this contingency 
examination, our study would inform both researchers and practitioners about which innovation features 
that they should focus more on, when examining the intention to use and adoption of a novel IT product 
versus an IT service in a specific economic context.  
Thus, present study makes some unique contributions. First, this study examines the impact of innovation 
features on two constructs, namely intention to use and adoption. As discussed above, both the constructs 
are different and hence, features of innovation may have a varying influence on both. Second, it improves 
the precision of prior findings by investigating the impact of innovation type and socio-economic context 
as moderating variables. Finally, it updates the timeline of the last meta-analysis on diffusion of IT 
innovations, which was conducted five years ago (see Weigel et al. 2014). Given the extremely fast pace of 
technology adoption as well as obsolescence, both the nature and the number of IT innovations has changed 
in the last few years. Highly complex IT innovations are emerging, and organizations are also becoming 
more open to adopt them. Given such paradigm shifts, it is imperative to examine the applicability of 
Roger’s (2003) theory to the current innovation landscape.  
Theory and Hypotheses Development 
Relative Advantage 
Literature explains relative advantage as the degree to which an organization perceives an innovation to be 
superior to an idea it substitutes. Organizations assess it in terms of economic advantage, convenience, 
social prestige, satisfaction, or anything that is important for them (Rogers, 2003). Scholars argue that the 
enhanced relative advantage augments the likelihood of quick implementation of an innovation (Azmi et 
al., 2016; Deng et al. 2009). However, contrary to the expectation, Thong (1999) found the insignificant 
impact of relative advantage on the adoption of IT in small businesses. Additionally, researchers claimed 
that new technology may incur hidden costs associated with its adoption in the organizations. These hidden 
costs may include costs of implementation, recruitment and re-training of the existing staff, and 
upgradation of the software and hardware infrastructure to accommodate the innovative technology (Lin 
and Chen, 2012). Yet, other studies have reported a positive and significant relationship between relative 
advantage of an innovation and organizational-level intention to use and adopt it (Kasperavičiūtė-
Černiauskienė and Serafinas, 2018; Ilin et al., 2017; Ruangkanjanases and Techapoolphol, 2018; Kim et al., 
2017). Given the existence of mixed findings in the literature, it would be interesting to explore the influence 
of relative advantage on intention to use and adoption. Therefore, we propose:  
H1a: Relative advantage of IT innovation has a positive influence on intention to use it. 
H1b: Relative advantage of IT innovation has a positive influence on its adoption. 
Compatibility  
The extent to which an innovation is consistent with the previous experience, values, and the needs of its 
potential users is referred as compatibility (Rogers, 2003). Organizations usually resist the implementation 
of an innovation if there is a lack of compatibility of the innovation with the existing systems and processes 
resulting in hindrance in its usage (Premkumar et al., 1994). Therefore, more an innovation is compatible 
with the needs and existing practices, it is more likely that organizations will implement it (Rogers, 2003). 
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There are ample evidences available in the literature supporting a positive and significant relationship 
between compatibility of multiple types of IT and organizational level intention to use and adopt them 
(Yuen et al., 2018; Adams et al., 2017; Huang and Hsieh, 2012; Shaltoni, 2017). However, it is worth 
mentioning that an existing highly compatible IT system may also be perceived to have large capacity for 
information processing (Wiederhold, 1992). This enhanced degree of existing capacity might negatively 
affect the intention to use and adoption of the innovation (Wu et la., 2013; O'Callaghan, 1992). There are 
scholars who reported no significant impact of compatibility on adoption of IT in small organizations 
(Thong, 1999) and building information modeling in Chinese construction industry (Chen et al. 2019). 
Further, Wu et al. (2013) found inverse relationship between the compatibility of existing systems and the 
firm's intention to adopt cloud computing. Thus, based on the mixed findings about the relationship 
between compatibility and intention to use and adoption of the IT innovation, it is imperative to examine 
the influence of compatibility on use intention and adoption of IT innovation. We therefore hypothesize: 
H2a: Compatibility of IT innovation has a positive influence on intention to use it. 
H2b: Compatibility of IT innovation has a positive influence on its adoption. 
Complexity 
Complexity refers to the extent to which an innovation is perceived to be difficult to use and understand. 
Previous studies establish that complexity negatively influences the adoption of internet usage and it is the 
opposite of ease of use (Cheung et al., 2001). Ease of use refers to the extent to which organizations perceive 
the innovation to be easy to understand and operate. An innovation simpler to use and understand, is more 
likely to be implemented than the ones requiring new skill sets to be developed by the users (Rogers, 2003). 
Thus, there exists a negative but significant relationship between complexity of IT systems and 
organizational level intention to use and adopt them (Henderson et al., 2012; Christou, 2010; Azmi et al., 
2016). At the same time, scholars reported no significant impact of complexity on the adoption of e-
procurement in small and medium enterprises (Hassan et al., 2017), internet marketing in emerging 
industrial markets (Shaltoni, 2017), and cloud computing in small and medium enterprises (Safari et al., 
2015). Therefore, it would be interesting and useful to examine the impact of complexity on intention to use 
and adoption of IT innovation. Hence, we hypothesize: 
H3a: Complexity of IT innovation has a negative influence on intention to use it. 
H3b: Complexity of IT innovation has a negative influence on its adoption. 
Trialability 
Trialability refers to the extent to which an innovation can be tried out by the user organization on a limited 
basis. Every innovative technology poses some uncertainty which impacts its implementation rate 
(Ramdani et al., 2013). Trialability enables the prospective adopters to lessen the perceived risk arising as 
a result of using an innovation. It is a means for them to lower the uncertainty they feel toward an unfamiliar 
technology (Rogers, 2003). Gallaugher and Wang (2002) discovered that the accessibility of the trial 
versions augments the market value of a product which further smoothens its adoption. Several previous 
studies discovered a positive and significant relationship between trialability of multiple types of IT and 
organization level intention to use and adoption of IT innovation (Ismail, 2012; Chauhan et al. 2018; 
Setiowati et al., 2015). However, some past studies argued that trialability does not have any significant 
impact on intention to use and adopt IT innovations (Premkumar et al., 1994; Tornatzky and Klein, 1982). 
Although it seems that the organizations perceiving IT to be trialable are more likely to have intention to 
use and adopt it, however inconsistent results of existing studies motivate us to test the relationship of this 
innovation feature with the intention to use and adoption. Therefore, we hypothesize: 
H4a: Trialability of IT innovation has a positive influence on intention to use it. 
H4b: Trialability of IT innovation has a positive influence on its adoption. 
Observability 
Observability is the extent to which the results of an innovation are visible to others. It is more likely that 
organizations will implement the innovation if its outcomes are more visible because it reduces the 
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uncertainty. Observability stimulates peer discussions of new ideas facilitating the implementation of 
innovation in the organizations (Rogers, 2003). It enhances the relative exposure of an innovation (Cheng 
and Cho, 2010). Scholars have noticed that when a specific IT is in extensive use and is more observable, 
organizations tend to have intention to use it and actually using it (Hasani et al., 2017; Shah Alam et al., 
2018; Jamshidi and Hussin, 2018). Previous studies combining technology acceptance and DOI 
perspectives also claim that when the employees of an organization observe a technology to be easier, they 
perceive it easier to use (Huang 2004; Yang, 2007), however they may still perceive it to be less useful in 
facilitating their job performances in the organization (Lee et al., 2011). Contrary to the claims of previous 
studies, some scholars argue that observability can be treated as an external factor which may not always 
influence the adoption of technology because after the initial adoption, the effects of observability could be 
diminished with the continuous experience and get reduced over time (Karahanna et al., 1999). Therefore, 
there are mixed results provided by the literature about the influence of observability on intention to use 
and adoption of innovation. Hence, we hypothesize: 
H5a: Observability of IT innovation has a positive influence on intention to use it. 
H5b: Observability of IT innovation has a positive influence on its adoption. 
Moderating Effects 
There are clear indications in previous research that effect of different innovation features may vary across 
different contexts. To ascertain key contextual variables, we reviewed relevant innovation literature, and 
studies included in our meta-analysis. Based on these two groups of literature, we identified innovation 
type and socio-economic context as two contingencies that could significantly moderate the relationships 
of innovation features with an organization’s intention to use and adoption of IT innovations (Agrawal and 
Prasad 1997, Damanpour 1991, Gunday et al. 2011, Lee et al. 2011). 
Innovation Type 
Prior literature distinguishes between different types of innovation including products and services 
(Gunday et al., 2011; Oke, 2007). Researchers have argued that it is important to consider different types 
of innovation when examining innovation adoption by organizations (Downs and Mohr, 1976; Rowe and 
Boise, 1974). Almost two decades ago, Damanpour (1991) reported the type of innovation to be insignificant 
as a moderator of determinants-innovation adoption relationship in a meta-analytical study. The authors 
examined product and process innovation; however, they did not differentiate between product and service 
innovation since service innovation has been traditionally grouped with product innovation. As service 
industry has grown and firms have added a service component to their operations, researchers have 
advocated that product and service innovations should be treated distinctly due to some fundamental 
differences between the two (Durst et al., 2015; Nijssen et al., 2006; Rubalca et al., 2010). Service 
innovations are characterized by intangibility and lower visibility compared to product innovations (Green 
et al., 2002, Rubalcaba et al., 2010). Such differences between product and service innovations may 
moderate the relationship of innovation features with the intention to use and adoption of IT innovation. 
Literature review reflects that product innovations have a better rate of adoption and speed as compared to 
service innovation because product innovations are considered to be relatively more observable and 
advantageous as compared to service innovations (Damanpour and Gopalakrishnan, 2001). For that 
reason, the relative advantage of an innovative IT product may be perceived differently compared to the 
relative advantage of a IT service innovation, resulting in different behaviors for intention to use and 
adoption. Similarly, innovative IT products may seem more triable compared to IT service innovations. 
Thus, we hypothesize: 
H6a: Innovation type will moderate the relationship between relative advantage and intention to use, 
such that the relationship will be stronger for product innovations as compared to service innovations. 
H6b: Innovation type will moderate the relationship between relative advantage and adoption, such that 
the relationship will be stronger for product innovations as compared to service innovations. 
H6c: Innovation type will moderate the relationship between compatibility and intention to use, such that 
the relationship will be stronger for product innovations as compared to service innovations. 
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H6d: Innovation type will moderate the relationship between compatibility and adoption, such that the 
relationship will be stronger for product innovations as compared to service innovations. 
H6e: Innovation type will moderate the relationship between complexity and intention to use, such that 
the relationship will be stronger for product innovations as compared to service innovations. 
H6f: Innovation type will moderate the relationship between complexity and adoption, such that the 
relationship will be stronger for product innovations as compared to service innovations. 
H6g: Innovation type will moderate the relationship between trialability and intention to use, such that 
the relationship will be stronger for product innovations as compared to service innovations. 
H6h: Innovation type will moderate the relationship between trialability and adoption, such that the 
relationship will be stronger for product innovations as compared to service innovations. 
H6i: Innovation type will moderate the relationship between observability and intention to use, such that 
the relationship will be stronger for product innovations as compared to service innovations. 
H6j: Innovation type will moderate the relationship between observability and adoption, such that the 
relationship will be stronger for product innovations as compared to service innovations. 
Socio-Economic Context 
Organizations are embedded within a specific socio-economic context (Zhu et al. 2006), the attributes of 
which can significantly affect the diffusion of IT innovation in a firm (Hameed and Counsell, 2014). For 
example, several external environmental factors such as consumer readiness, government support, and 
vendor support have been known to influence the adoption of IT innovation in organizations (Chandra and 
Kumar, 2018; Hameed and Counsell, 2012; Hameed et al., 2012). Given that IT innovations require 
significant investments, financial resources, and technological infrastructure, another factor that could 
affect diffusion of innovations is the economic context within which an organization is embedded 
(Rujirawanich et al., 2011).  
Researchers have also advocated the examination of IT adoption and usage across national contexts to 
account for different socio-economic situations (Zhu and Kraemer, 2005; Zhu et al., 2006). Galindo and 
Mendez (2013) examined innovation and growth in developed countries and reported that monetary policy 
and social climate influence innovation. In another study, Zhu et al. (2006) applied the technology-
organization-environment framework to examine how national economic environment influences diffusion 
of electronic-business innovations. The authors affirmed that the economic factors demand special 
attention in examining innovation diffusion. Similarly, Zhu and Kraemer (2005, p. 71) stated that "diffusion 
occurs unevenly across countries with different environments" and "the extent of diffusion depends on a 
variety of economic, social, and political factors."  
Drawing upon the existing body of research, we argue that the relationship of innovation features with the 
intention to use and adoption of IT innovation will differ across socio-economic contexts. Literature review 
suggests that technology readiness is a stronger factor in developing economies versus developed 
economies. On that basis, it seems evident that relationship between innovation features and adoption will 
be stronger for developing economies (Zhu et al., 2006). To examine these contingency effects, we compare 
the hypothesized relationships across developing and developed countries, which are known to have 
significantly different socio-economic dynamics (WESP 2014). Hence, we propose:     
H7a: Socio-economic situation will moderate the relationship between relative advantage and intention 
to use, such that the relationship will be stronger for developing countries as compared to developed 
countries. 
H7b: Socio-economic situation will moderate the relationship between relative advantage and adoption, 
such that the relationship will be stronger for developing countries as compared to developed countries. 
H7c: Socio-economic situation will moderate the relationship between compatibility and intention to use, 
such that the relationship will be stronger for developing countries as compared to developed countries. 
H7d: Socio-economic situation will moderate the relationship between compatibility and adoption, such 
that the relationship will be stronger for developing countries as compared to developed countries. 
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H7e: Socio-economic situation will moderate the relationship between complexity and intention to use, 
such that the relationship will be stronger for developing countries as compared to developed countries. 
H7f: Socio-economic situation will moderate the relationship between complexity and adoption, such that 
the relationship will be stronger for developing countries as compared to developed countries. 
H7g: Socio-economic situation will moderate the relationship between trialability and intention to use, 
such that the relationship will be stronger for developing countries as compared to developed countries. 
H7h: Socio-economic situation will moderate the relationship between trialability and adoption, such that 
the relationship will be stronger for developing countries as compared to developed countries. 
H7i: Socio-economic situation will moderate the relationship between observability and intention to use, 
such that the relationship will be stronger for developing countries as compared to developed countries. 
H7j: Socio-economic situation will moderate the relationship between observability and adoption, such 
that the relationship will be stronger for developing countries as compared to developed countries.  
Research Methodology  
Research papers were mined from the prominent online databases, namely Scopus, ScienceDirect, EBSCO, 
Emerald, Google Scholar, SAGE, Taylor & Francis, and Web of Science. Search terms used for the extraction 
of research papers were “Diffusion of innovation,” “adoption,” “intention to use,” “relative advantage,” 
“compatibility,” “complexity,” “trialability,” and “observability.” The search resulted in the mining of a little 
over 3200 papers. 
In the next step, mined research papers were manually screened based on their title and keywords so that 
apparently irrelevant research papers are removed. As a result, commentary, prefaces, duplicate, editorials, 
news, non-English, and review articles were filtered out. Thus, a total of 1765 research papers were left for 
further filtration. 
Later, two researchers independently went through the abstracts of filtered research papers. It led to the 
elimination of qualitative papers, experimental papers, and the papers that were not principally focussed 
on the adoption and intention to use the IT innovation in organizations. A third researcher verified the 
elimination of each paper to make sure that only irrelevant papers were removed. Thus, a total of 165 
research papers qualified this round. 
Next, the full text of all the filtered research papers was read by two researchers to ensure: 1) the paper 
should have quantitatively assessed the relationship of at least one innovation feature with the intention to 
use and adoption of IT innovation, 2) the paper should have stated either correlation coefficient or another 
statistic (e.g., F-ratio and Student’s t) that could be transformed into the correlation coefficient, and 3) the 
paper should have stated the sample size.  
Thus, a total of 30 papers were shortlisted. The descriptive information such as authors, title, paper source, 
publication year, country, sample size, correlation coefficients, socio-economic context, innovation type, 
and innovation domain were recorded from these papers. Appendix provides the summary of these research 
papers. Meta-analysis can be carried out on 15 or more studies (Field 2001), so our sample of 30 papers 
satisfied this condition. 
We used the correlation coefficient as the effect size measure for the present study. Effect size refers to the 
estimation of the strength of a phenomenon existing in a population (Cohen et al., 1983). The greater value 
of effect size depicts the greater extent of presence of a particular phenomenon. Following are the steps for 
meta-analysis (Hedges and Vevea, 1998; Lipsey and Wilson, 2001):    
a) We computed the Fisher transformation of all the correlation coefficient values using following 
formula: 
Fisher transformation (Ti) = 0.5 ∗ log
1+𝑟𝑖
1−𝑟𝑖
  
b) Following formula was used for the calculation of Q-statistic. Q-statistic portrays the variability in the 
effect size values because of sample heterogeneity: 
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Q = ∑ Wi ∗ (Ti − T̅)
2
n
i=1
 
where, 
Wi = Sample size of ith study 
Ti = Effect size of ith study 
Q = Heterogeneity statistic  
T ̅ = ∑(Wi ∗ Ti)/ ∑ Wi 
c) Computation of overall effect size: 
T (consolidated) = ∑ W′i ∗ Ti
n
i=1
 
where, 
1/W′i = 1/Wi + τ2  
τ2 = Max [0, (Q-df)/C] 
df = Degrees of Freedom 
C =  ∑ Wi − 
 ∑ Wi
2
∑ Wi 
 
Overall effect size (?̅?) = 
𝑒2𝑇(𝑐𝑜𝑛𝑠𝑜𝑙𝑖𝑑𝑎𝑡𝑒𝑑)−1
𝑒2𝑇(𝑐𝑜𝑛𝑠𝑜𝑙𝑖𝑑𝑎𝑡𝑒𝑑)+1
 
d) Evaluating the significance level of the overall effect size. 
Results and Discussion 
Meta-analysis either uses fixed effect model or random effect model. The assumption behind fixed effect 
model is that there exists one true effect size across all the studies considered. The difference in effect size 
takes place because of sampling error. However, effect size varies across the studies in case of random effect 
model (Borenstein et al., 2007). For estimating the heterogeneity in the effect sizes, Q statistic was used. 
The significant value of Q statistic supported the assumption of random effects model in the present meta-
analysis study.    
We used correlation co-efficient as the effect size metric in this study. Cohen et al. (2003) classified the 
effect size values of 0.5, 0.3, and 0.1 as strong, medium, and weak respectively. Although majority of the 
relationships had medium effect size in this study (Table 1), relative advantage was found to have the 
strongest relationship with adoption, followed by compatibility. 
Our findings reveal that relative advantage of an innovation positively influences the organization’s 
intention to use and adoption, thus supporting H1a and H1b. Results imply that when organizations 
perceive an IT innovation to be more useful than their existing systems in terms of benefits, such as reduced 
communication costs and faster problem-solving capability (Song, 2002), they demonstrate higher level of 
intention to use and adoption of that innovation. Thus, decision makers’ perception of overall 
organizational benefits through the innovation will encourage the organization to share the information 
regarding benefits of innovative technology leading to its adoption by employees (Kaser and Miles, 2002). 
Our results also suggest a positive relationship of compatibility with intention to use and adoption of IT 
innovation (H2a and H2b). Scholars argue that people prefer innovations which are consistent with their 
lifestyle, needs, and practices, and it is likely that they will adopt such innovations without hesitation (Du 
et al., 2012, Hanafizadeh et al., 2014, Koksal, 2016). Organizations also prefer greater compatibility between 
its policy and innovation as it facilitates interpretation of innovation in a more familiar way (Rogers, 1995). 
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For example, organizations considering adoption of innovative knowledge management technologies, find 
those technologies desirable that have a better fit with the knowledge-sharing activities among employees 
(Hislop, 2003). As a result, organizations show higher intention to internally promote IT innovations that 
have higher perceptual consistency with the policies, needs, and existing practices of an organization. 
Our results also suggest a negative relationship between complexity and intention to use IT innovation, 
thereby supporting H3a. Higher complexity results in higher mental workload and stress (Sokol, 1994) and 
therefore, if an innovation is viewed as easy to understand and use, then there is greater chance that 
organization will develop a favourable intention to use it (Thong, 1999). Although complexity negatively 
affects the intention to use an innovation, yet it is not a decisive factor in its adoption. Thus, contrary to 
prior notion, our results did not suggest a significant relationship between complexity and actual adoption 
of an IT innovation, thereby rejecting H3b. If innovation is perceived to be complex, yet relatively 
advantageous, organizations may still would like to adopt it for its benefits over the existing systems (Plsek, 
2003).  
Our analysis also confirmed that trialability has significant and positive relationship with adoption of 
innovation. Though, given the small effect size, the degree of relationship is weak. In the light of the results, 
we accept H4b implying that trialability of IT innovation will encourage the organizations to adopt it. This 
feature of innovation allows firms to test an innovation before adopting it and thus reducing the risk of its 
failure (Gangi and Wasko, 2009). Results imply that allowing the employees to try innovative technologies 
may ultimately improve the chances of its adoption (Cheng and Cho, 2010).  
We could not study the trialability→intention to use, observability→intention to use, and 
observability→adoption relationship due to insufficient number of studies. Thus, the hypotheses H4a, H5a, 
and H5b were left untested. 
Relationship 
(Hypothesis) 
Study 
Count (N) 
Sample 
Size 
Combined 
Effect Size 
Q-Value 
(Homogeneity 
Test) 
Relationship 
Strength 
Fail-
safe No. 
RA→INT (H1a) 5 1275 0.312** 50.110*** Medium 127.56 
RA→ADP (H1b) 16 3014 0.463*** 78.830*** Medium 2361.45 
CMPT→INT (H2a) 9 2195 0.368** 264.735*** Medium 430.41 
CMPT→ADP (H2b) 29 5831 0.378*** 233.421*** Medium 5064.37 
CPLX→INT (H3a) 7 1261 -0.315*** 53.284*** Medium 140.33 
CPLX→ADP (H3b) 18 3013 0.018 331.958***  14.05 
TR→ADP (H4b) 6 1085 0.258** 29.684*** Weak 59.75 
Note: Meta-analysis should be conducted on factors examined in at least 3 studies (Kirca et al., 2005).   
RA: Relative Advantage; CMPT: Compatibility; CPLX: Complexity; TR: Trialability; INT: Intention to 
Use; ADP: Adoption. 
*p < 0.05; **p < 0.01; ***p < 0.001 
Table 1: Meta-Analysis Results - Effect Sizes and Relationship Strength 
Evaluation of Publication Bias 
Meta-analysis studies have the possibility of being influenced by the publication bias. The most common 
publication bias is the journals’ tendency of publishing studies that have only statistically significant results 
(Rosenberg, 2005). Literature suggests different ways to test the existence of publication bias in the findings 
of meta-analysis. Present study utilized the classic fail-safe number suggested by Rosenthal (1991). This 
number helps in estimating the total number of insignificant effect sizes of unpublished research studies 
that would be required to reduce the overall effect size to the level of insignificance. A fail-safe number is 
typically observed as robust if it is greater than 5N+10, where N is the total quantity of studies involved in 
the meta-analysis originally. If the value of fail-safe number is greater than 5N+10, it indicates that the 
overall effect size is unlikely to be affected by publication bias. Table 1 depicts that classic fail-safe number 
is greater than 5N+10 for all the relationships which were found significant. 
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Moderating Effects 
The moderating influence of innovation type and socio-economic context were examined for explicating the 
heterogeneity in our sample. Tables 2 and 3 summarise the results of moderation analysis of innovation 
type and socio-economic context respectively.  
The moderating effect of innovation type could only be conducted for Relative Advantage→Adoption, 
Compatibility→Intention to use, Compatibility→Adoption, and Complexity→Adoption relationships due 
to insufficient number of studies for the rest of the relationships. The Q-Value of two groups show that the 
innovation type significantly moderates the tested relationships (except for Compatibility→Adoption and 
Complexity→Adoption relationships). Among the tested relationships, the Relative Advantage→Adoption 
relationship was significant for both IT product and IT service innovations, and so was the 
Compatibility→Adoption relationship. The Compatibility→Intention to use relationship was significant 
only for product innovations, not for service innovations. Interestingly, the Complexity→Adoption 
relationship emerged as insignificant for both product as well as service innovations. 
Innovation 
Type Relationship 
Study 
Count 
Combined 
Effect Size 
Q-Value of two 
groups 
Relationship 
Strength 
Service 
RA→ADP 
10 0.427*** 
4.409* 
Medium 
Product 6 0.503*** Strong 
Service 
CMPT→INT 
4 0.248 
28.651*** 
 
Product 5 0.481** Medium 
Service 
CMPT→ADP 
11 0.367*** 
0.492 
Medium 
Product 18 0.386*** Medium 
Service 
CPLX→ADP 
6 0.049 2.544 
  
 
Product 12 -0.014  
Note: Meta-analysis should be conducted on factors examined in at least 3 studies (Kirca et al., 2005).  
RA: Relative Advantage; CMPT: Compatibility; CPLX: Complexity; INT: Intention to Use; ADP: 
Adoption. 
*p < 0.05; **p < 0.01; ***p < 0.001 
Table 2: Moderating Effects of Innovation Type 
The results point towards some interesting variations between products and service innovations. We found 
that relative advantage and compatibility were both associated with the adoption of IT product as well as 
IT service innovations. These results validate the applicability of these two innovation features in examining 
the intention to use and adoption of both product and service innovations in the organizations (Rogers, 
2003) and support prior research on the importance of relative advantage and compatibility for IT 
innovation adoption (Kasperavičiūtė-Černiauskienė and Serafinas, 2018; Ilin et al., 2017; Yuen et al., 2018). 
However, in our sample, complexity was unrelated to adoption for both types of innovation. These results 
add to a research trend that finds complexity to be one of the asymmetrical antecedents of innovation 
adoption with results ranging from no relationship (Hassan et al., 2017; Shaltoni, 2017; Safari et al., 2015) 
to a negative relationship (Azmi et al., 2016; Henderson et al., 2012). Our results attest to the paradigm 
shift that has happened over the last few years in how complexity is perceived. It is more or less accepted 
as a default attribute of the business and IT context now and is no longer perceived negatively. Our results 
for the relationship between compatibility and intention to use were significant only for product 
innovations. One of the reasons could lie in the distinct nature of the innovation types. Given that product 
innovations are typically more tangible, visible, and transportable, than service innovations, organizations 
may show higher intention to use such innovations due to a clearer understanding of their compatibility.  
Further, the moderating effect of economic situation could only be conducted for Relative 
Advantage→Adoption, Compatibility→Adoption, and Complexity→Adoption relationships due to 
insufficient number of studies for the rest of the relationships. Interestingly, among the tested relationships, 
the Relative Advantage→Adoption relationship emerged as strongest for developing countries, but this 
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relationship was not significant for developed countries. Surprisingly, the Complexity→Adoption 
relationship was not found significant for either of the socio-economic conditions. 
Socio-Economic 
Context Relationship 
Study 
Count 
Combined 
Effect Size 
Q-Value of two 
groups 
Relationship 
Strength 
Developing 
RA→ADP 
13 0.479*** 
4.668* 
Medium 
Developed 3 0.370  
Developing 
CMPT→ADP 
21 0.404*** 
12.268* 
Medium 
Developed 8 0.289*** Medium 
Developing 
CPLX→ADP 
11 -0.007 3.002 
  
 
Developed 7 0.061  
Note: Meta-analysis should be conducted on factors examined in at least 3 studies (Kirca et al., 2005).  
RA: Relative Advantage; CMPT: Compatibility; CPLX: Complexity; ADP: Adoption. 
*p < 0.05; **p < 0.01; ***p < 0.001 
Table 3: Moderating Effects of Socio-Economic Context 
Overall, we found some evidence of the differential impact of socio-economic context on the examined 
relationships. Our results suggest that the association between relative advantage and adoption of IT 
innovations was significant for developing nations, but not for developed countries. One of the reasons for 
these results may lie in the comparative rate of IT innovations in the developed and developing nations. 
Due to the rapid introduction of successive IT innovations in the developed nations, their capacity for 
adopting multiple innovations is typically higher. Thus, innovations that have “unique advantage” may have 
higher chances of adoption than innovations with perceived relative advantage. On the other hand, in case 
of developing economies, IT innovations precedents are sporadic, so that even small innovations are 
perceived as having a significant relative advantage, which improves their adoption.  
We also found compatibility to be moderately significant across economic situations. This confirms that 
compatibility is a relatively stable predictor of IT innovation adoption across context. The results suggest 
that IT innovation being adopted in developing and developed nations are in accordance with the demands 
of their respective experiences, values, and needs. Another interesting result was that complexity was not 
associated with adoption. The results can be attributed to the changing perceptions of organizational 
stakeholders regarding the notion of complexity across the globe. Organizations are open and ready to adopt 
simple as well as complex IT innovations provided, they enable it to gain competitive advantage. With global 
networks of individuals, teams, and organizations, working together to accomplish goals, complexity is seen 
as essential and customary, rather than a negative characteristic of innovations. 
Conclusions 
Prior meta-analyses of IT innovation diffusion literature were conducted five years ago and did not examine 
intention to use the IT innovations. Nor did they examine any contingency effects. Results of our meta-
analysis suggest that the IT innovation landscape has changed significantly in the last few years. For 
example, contrary to the previous meta-analysis, which found significant negative correlation of complexity 
with innovation adoption (Weigel et al. 2014), our effect sizes were insignificant for this relationship. This 
suggests that although complexity still hurts intention to use IT innovation in organizations, we could not 
find significant evidence of a negative mindset among organizations towards adoption of complex IT 
innovations. Although, it may be a far-fetched conclusion to draw, still this might be indicative of a long-
term notable shift in organizational readiness to adopt even complex innovations. Our examination of 
innovation type and socio-economic context as moderating variables also show interesting variations in 
various relationships.  
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Implication for Theory and Practice 
Present study provides both theoretical as well as practical implications. From a theoretical perspective, 
present study not only reconciles conflicting findings in the IT innovation literature, but also makes the 
DOI theory more precise for future examinations. Several studies have been conducted to understand the 
role of IT innovation features on the intention to use and adoption. However, there exists inconsistent 
findings regarding the influence of innovation features on the intention to use and adoption. Present study 
consolidates the existing research and highlights the reasoning behind the inconsistent results of the 
previous studies. In addition, the study improves the precision of DOI theory by examining the influence of 
innovation features on both adoption as well as intention to use. In doing so, this study also synthesizes 
prior findings in these two major areas of IT innovation diffusion literature. Finally, the results of this study 
further improve the precision of DOI theory by separately examining the diffusion of novel products and 
services in the technological domain. Theoretical precision is further enhanced by examining the 
contingency effect of socio-economic factors on intention to use as well as adoption of IT innovations.  
From a practical perspective, present study provides following insights to better identify the most useful 
features among five innovation features to enhance the intention to use and adoption of an IT innovation. 
First, intention to use and adoption are majorly influenced by compatibility and relative advantage. Thus, 
practitioners should excessively focus on promoting these two innovation features for enhancing the 
intention to use and adoption of their IT innovation. Second, for ensuring smooth adoption of IT innovation 
in developed nations, it is essential for practitioners to strongly emphasize on key and unique advantages 
of IT innovation. While users in developing nations may not pose such a challenge as they get easily 
motivated by relative advantage. Third, it is no more a requirement to put extra efforts in simplifying the 
IT solution because, with the availability of varied expertise in global teams, user organisations do not 
perceive complexity to be a hurdle in the adoption. Fourth, practitioners providing IT product should 
emphasize on improving the compatibility of their innovation to enhance user organizations intention to 
use it. 
Limitations and Future Research Directions 
Present study also offers future research directions. Based on our results, we suggest that future studies 
explore interaction effects between various innovation features themselves. For example, studies could 
examine if relative advantage of an IT innovation affects the influence of perceived complexity on 
innovation adoption.  
The study has some limitations that are typical to meta-analytic research. First, although we cast a wide 
search-net to identify all relevant studies in our meta-analysis, we still may have missed some relevant 
papers. Second, some relationships could not be examined due to lack of sufficient number of studies. Third, 
this study only considered direct effect of innovation features with the intention to use and adoption. Future 
researchers can study the indirect effects. Finally, we could only examine the moderating effects of 
innovation type and socio-economic context, whereas other contextual factors could also possibly moderate 
the relationships we tested for. 
Appendix: Summary of Research Papers used in the Meta-Analysis 
Authors 
Socio-
Economic 
Context 
Innovation 
Type 
Sample 
Size Relationship Studied (Correlation Value) 
Ainin et al. (2015) Developing Product 259 CMPT→ADP (0.3797) 
Ainin et al. (2015) Developing Product 259 CMPT→ADP (0.5531) 
Ainin et al. (2015) Developing Product 259 CMPT→ADP (0.3255) 
Ali et al. (2012) Developing Product 146 RA→ADP (0.68), CMPT→ADP (0.69) 
Awa et al. (2017) Developing Product 262 CMPT→ADP (0.525), CPLX→ADP (0.564) 
Azmi et al. (2016) Developing Product 401 
RA→ADP (0.577), CMPT→ADP (0.45), 
CPLX→ADP (0.283) 
Cao et al. (2013) Developed Product 207 CMPT→ADP (0.15), CPLX→ADP (-0.33) 
Chandra and 
Kumar (2018) Both Service 107 RA→INT (0.67) 
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Chen et al. (2019) Developing Product 175 
RA→ADP (0.30), CMPT→ADP (-0.05), 
CPLX→ADP (-0.20) 
Cheng and Cho 
(2011) Developing Product 190 
CMPT→INT (0.14), CPLX→INT (-0.27), 
TR→INT (0.30), OBS→INT (0.38), 
CMPT→ADP (0.03), CPLX→ADP (-0.15), 
TR→ADP (0.16), OBS→ADP (0.29) 
Deng et al. (2009) Developing Service 80 
RA→INT (0.42), CMPT→INT (0.377), 
CPLX→INT (-0.022), TR→INT (0.388), 
RA→ADP (0.319), CMPT→ADP (0.167), 
CPLX→ADP (-0.131), TR→ADP (0.125) 
Ghobakhloo and 
Hong Tang (2013) Developing Service 268 CMPT→ADP (0.226) 
Hasani et al. 
(2017) Developing Product 389 
RA→ADP (0.457), CMPT→ADP (0.601), 
TR→ADP (0.426), OBS→ADP (0.384) 
Hassan et al. 
(2017) Developed Service 151 
RA→ADP (0.544), CMPT→ADP (0.506), 
CPLX→ADP (0.536) 
Hassan et al. 
(2017) Developed Service 151 
RA→ADP (0.473), CMPT→ADP (0.545), 
CPLX→ADP (0.41) 
Henderson et al. 
(2012) Developed Product 65 
CMPT→ADP (0.44), CPLX→ADP (-0.04), 
TR→ADP (0.43) 
Henderson et al. 
(2012) Developed Product 65 
CMPT→ADP (0.34), CPLX→ADP (-0.08), 
TR→ADP (0.18) 
Ilin et al. (2017) Developing Service 159 RA→ADP (0.408) 
Klein (2012) Developed Service 216 CMPT→ADP (0.26) 
Kuo et al. (2011) Developing Product 500 CMPT→ADP (0.31) 
Lin (2006) Developing Service 720 RA→INT (0.22), CMPT→INT (0.35) 
Lin and Lee 
(2006) Developing Product 154 
RA→INT (0.10), CMPT→INT (0.12), 
CPLX→INT (-0.09) 
Mohammed et al. 
(2017) Developing Service 296 
RA→ADP (0.3947), CMPT→ADP (0.3652), 
CPLX→ADP (-0.3175), TR→ADP (0.0891) 
Rajan and Baral 
(2015) Developing Product 154 
CMPT→INT (0.507), CPLX→INT (-0.281), 
CMPT→ADP (0.386), CPLX→ADP (-0.205) 
Ruivo et al. (2014) Developed Product 134 CMPT→ADP (0.097), CPLX→ADP (-0.238) 
Safari et al. (2015) Developing Product 92 
RA→ADP (0.565), CMPT→ADP (0.435), 
CPLX→ADP (0.411) 
Shaltoni (2017) Developing Service 105 
RA→ADP (0.63), CMPT→ADP (0.61), 
CPLX→ADP (-0.14) 
Shih and Lin 
(2017) Developing Service 214 RA→INT (0.481), CMPT→INT (0.523) 
Sun et al. (2009) Developing Product 138 
CMPT→INT (0.60), CPLX→INT (-0.47), 
CMPT→ADP (0.53), CPLX→ADP (-0.24) 
Tajudeen et al. 
(2018) Developing Service 174 RA→ADP (0.45), CMPT→ADP (0.48)  
Tajudeen et al. 
(2018) Developing Service 174 RA→ADP (0.50), CMPT→ADP (0.41)  
Tajudeen et al. 
(2018) Developing Service 174 RA→ADP (0.45), CMPT→ADP (0.41)  
Thong (1999) Developed Service 166 
RA→ADP (0.073), CMPT→ADP (0.073), 
CPLX→ADP (0.076) 
Wang et al. (2016) Developing Product 256 CMPT→INT (0.736), CPLX→INT (-0.576) 
Wu et al. (2013) Developed Service 289 CMPT→INT (-0.297), CPLX→INT (-0.205) 
Xu et al. (2017) Developing Product 181 
RA→ADP (0.399), CMPT→ADP (0.256), 
CPLX→ADP (-0.124) 
Notes: The total number of rows in this table (36) is greater than the number of research papers (30) as 
some research papers included multiple sub-studies. 
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RA: Relative Advantage; CMPT: Compatibility; CPLX: Complexity; TR: Trialability; OBS: Observability; 
INT: Intention to Use; ADP: Adoption. 
References 
Adams, P., Farrell, M., Dalgarno, B., and Oczkowski, E. 2017. “Household adoption of technology: The case 
of high-speed broadband adoption in Australia.” Technology in Society (49), pp. 37-47. 
Borenstein, M., Hedges, L.V., and Rothstein, H.R. 2007. Meta-Analysis. Fixed Effects vs Random Effects. 
Englewood, NJ: Biostat.  
Chauhan, S., Jaiswal, M., Rai, S., Motiwalla, L., and Pipino, L. 2018. “Determinants of adoption for open-
source office applications: A plural investigation.” Information Systems Management (35:2), pp. 80-
97. 
Cheung, W., Chang, M. K. and Lai, S. 2000. “Prediction of internet and world wide web usage at work: a 
test of an extended Triandis model.” Decision Support Systems, (30:1), pp. 83-100. 
Christou, E. 2010. “Investigating attitudes towards mobile commerce for travel products.” Turizam: 
međunarodni znanstveno-stručni časopis, (58:1), pp. 7-18. 
Cohen, J., Cohen, P., West, S. G., and Aiken, L. S. 1983. Applied Multiple Regression/Correlation Analysis 
for the Behavioral Sciences. Erlbaum, Hillsdale, NJ. 
Damanpour, F. 1991. “Organizational Innovation: A meta-analysis of effects of determinants and 
moderators,” Academy of Management Journal (34:3), pp. 555-590.  
Damanpour, F, and Gopalakrishnan, S. 2001. “The dynamics of the adoption of product and process 
innovations in organizations.” Journal of management studies (38:1), pp. 45-65. 
Di Gangi P. and Wasko M. 2009. “Steal my idea! organizational adop tion of user innovations from a user 
innovation community: A case study of Dell IdeaStorm.” Decision Support Systems (48:1), pp. 303-
312. 
Du, H, Zhu, G, Lv, T. and Sun, X. 2012. “Factors affecting purchase intention on 3G value-added services.” 
Jindal Journal of Business Research (1:2), pp. 139-152. 
Durst, S., Mention, A. L., and Poutanen, P. 2015. “Service innovation and its impact: What do we know 
about?.” Investigaciones europeas de dirección y economía de la empresa (21:2), pp. 65-72. 
Engel, J. F., Blackwell, R. D., and Miniard, P. W. 1995. Consumer behavior. Fort Worth, TX: Dryden Press. 
Field, A. P. 2001. “Meta-analysis of correlation coefficients: a Monte Carlo comparison of fixed-and 
random-effects methods,” Psychological Methods, (6:2), 161. 
Galindo, M. Á., and Méndez-Picazo, M. T. 2013. “Innovation, entrepreneurship and economic 
growth,” Management Decision (51:3), pp. 501-514. 
Gallaugher, J. M., and Wang, Y. M. (2002). “Understanding network effects in software markets: evidence 
from web server pricing,” MIS quarterly (26:4), pp. 303-327.  
Gunday, G., Ulusoy, G., Kilic, K., and Alpkan, L. 2011. “Effects of innovation types on firm performance,” 
International Journal of production economics, (133:2), pp. 662-676. 
Hameed, M. A., Counsell, S., and Swift, S. 2012. “A conceptual model for the process of IT innovation 
adoption in organizations,” Journal of Engineering and Technology Management (29:3), pp. 358-390. 
Hameed, M. A., and Counsell, S. 2014. “Establishing relationships between innovation characteristics and 
IT innovation adoption in organisations: A meta-analysis approach.” International Journal of 
Innovation Management (18:1), pp. 1-41. 
Hanafizadeh, P., Behboudi, M., Koshksaray, A.A. and Tabar, M.J.S. 2014. “Mobile banking adoption by 
Iranian bank clients.” Telematics and Informatics (31:1), pp. 62-78. 
Hedges, L. V., and Vevea, J. L. 1998. “Fixed-and random-effects models in meta-analysis.” Psychological 
methods (3:4), pp. 486. 
Hislop, D. 2003. “Linking human resource management and knowledge management via commitment.” 
Employee Relations (25:2), pp. 182-202. 
Huang, L. Y., and Hsieh, Y. J. 2012. “Consumer electronics acceptance based on innovation attributes and 
switching costs: The case of e-book readers.” Electronic Commerce Research and Applications, (11:3), 
pp. 218-228. 
Ismail, A. R. 2012. “Understanding the factors that affect the adoption of innovative high-technology 
brands: The case of apple iPhone in Malaysia.” Journal of Global Marketing (25:4), pp. 226-239. 
Jamshidi, D., and Hussin, N. 2018. “An integrated adoption model for Islamic credit card: PLS-SEM based 
approach.” Journal of Islamic Accounting and Business Research (9:3), pp. 308-335. 
  Meta-Analysis of Diffusion of IT Innovations in Organizations 
  
 Fortieth International Conference on Information Systems, Munich 2019 15 
Karahanna, E., Straub, D.W., and Chervany, N. L. 1999. “Information technology adoption across time: A 
cross-sectional comparison of pre-adoption and post-adoption beliefs.” MIS Quarterly (23:2), pp. 183-
213. 
Kaser, P.A.W. and Miles, R.E. 2002. “Understanding knowledge activists’ successes and failures.” Long 
Range Planning (35:1), pp. 9-28. 
Kasperavičiūtė-Černiauskienė, R., and Serafinas, D. 2018. “The adoption of ISO 9001 standard within 
higher education institutions in Lithuania: innovation diffusion approach.” Total Quality Management 
and Business Excellence (29:1-2), pp. 74-93. 
Kim, H. J., Lee, J. M., and Rha, J. Y. 2017. “Understanding the role of user resistance on mobile learning 
usage among university students.” Computers & Education (113), pp. 108-118. 
Kim, C., Mirusmonov, M., and Lee, I. (2010). “An empirical examination of factors influencing the intention 
to use mobile payment.” Computers in Human Behavior, (26:3), pp. 310-322. 
King, W. R., and He, J. 2006. “A meta-analysis of the technology acceptance model.” Information & 
management (43:6), pp. 740-755. 
Kirca, A.H., Jayachandran, S., and Bearden, W.O. 2005. “Market orientation: A meta-analytic review and 
assessment of its antecedents and impact on performance.” Journal of Marketing (69:2), pp. 24–41. 
Knott, A.M. 2012. “The trillion-dollar R&D fix.” Harvard Business Review (90:5), pp. 77-82. 
Koksal, M.H. 2016. “The intentions of Lebanese consumers to adopt mobile banking.” International 
Journal of Bank Marketing (34:3), pp. 327-346. 
Lee, Y. H., Hsieh, Y. C., and Hsu, C. N. 2011. “Adding innovation diffusion theory to the technology 
acceptance model: supporting employees' intentions to use e-learning systems.” Educational 
Technology & Society (14:4), pp. 124-137. 
Lin, N. and Chen, C. 2012. “Cloud computing as an innovation: percepetion, attitude, and adoption.” 
International Journal of Information management (32:6), pp. 533-540. 
Lipsey, M. W., and Wilson, D. B. 2001. Practical meta-analysis. SAGE publications, Inc. 
Lu, Y., Yang, S., Chau, P. Y., and Cao, Y. (2011). “Dynamics between the trust transfer process and intention 
to use mobile payment services: A cross-environment perspective.” Information & 
Management, (48:8), pp. 393-403. 
Mithas, S., Tafti, A.R., Bardhan, I.R., and Goh, J.M. 2012. “Information technology and firm profitability: 
Mechanisms and empirical evidence.” MIS Quarterly (36:1), pp. 205-224. 
Mithas, S., Krishnan, M.S., and Fornell, C. 2016. “Information technology, customer satisfaction, and profit: 
Theory and evidence.” Information Systems Research (27:1), pp. 66-181. 
Moore, G. C. and Benbasat, I. 1991. “Development of an instrument to measure the perceptions of adopting 
an information technology innovation.” Information Systems Research (2:3), pp. 192-222. 
O'Callaghan, R., Kaufmann, P.J., and Konsynski, B.R. 1992. “Adoption correlates and share effects of 
electronic data interchange systems in marketing channels.” Journal of Marketing (56:2), pp. 45-56. 
Oke, A. 2007. “Innovation types and innovation management practices in service companies,” 
International Journal of Operations & Production Management, (27:6), pp. 564-587. 
Plsek, P.  2003. “Complexity and the Adoption of Innovation inHealth Care.”  Paper presented at 
Accelerating Quality Improvement in Health Care: Strategies to Accelerate the Diffusion of Evidence-
Based Innovations. Washington, D.C.: National Institute for Healthcare Management Foundation and 
National Committee for Quality in Health Care. 
Premkumar, G., Ramamurthy, K., and Nilakanta, S. 1994. “Implementation of electronic data interchange: 
an innovation diffusion perspective.” Journal of Management Information Systems (11:2), pp. 157-
186.  
Ramdani, B., Chevers, D., and A. Williams, D.A. 2013. “SMEs' adoption of enterprise applications: A 
technology-organisation-environment model.” Journal of Small Business and Enterprise 
Development (20:4), pp. 735-753.  
Rogers, E. M. 2003. Diffusion of innovations (5th edition). New York: Free Press. 
Rosenberg, M. S. 2005. “The file-drawer problem revisited: A general weighted method for calculating fail-
safe numbers in meta-analysis.” Evolution (59:2), pp. 464-468. 
Rosenthal, R. 1991. Meta-analytic procedures for social research. Newbury Park, CA: Sage. 
Ruangkanjanases, A., and Techapoolphol, C. 2018. “Adoption of E-hailing Applications: A Comparative 
Study between Female and Male Users in Thailand.” Journal of Telecommunication, Electronic and 
Computer Engineering (10:1-10), pp. 43-48. 
Rubalcaba, L., Gago, D., and Gallego, J. 2010. “On the differences between goods and services innovation,” 
Journal of Innovation Economics & Management, (5:1), pp. 17-40. 
  Meta-Analysis of Diffusion of IT Innovations in Organizations 
  
 Fortieth International Conference on Information Systems, Munich 2019 16 
Sabherwal, R., Jeyaraj, A. and Chowa, C.  2006. “Information system success: individual and organizational 
determinants.” Management Science (52:12), pp. 1849-1864 
Setiowati, R., Daryanto, H. K., and Arifin, B. 2015. “The effects of ICT adoption on marketing capabilities 
and business performance of Indonesian SMEs in the fashion industry.” Journal of Business and Retail 
Management Research, (10:1), pp. 100-115 
Sokol, M. 1994. “Adaptation to difficult designs: Facilitating use of new technology.” Journal of Business 
and Psychology (8:3), pp. 277–296. 
Song, S. 2002. “An internet knowledge sharing systems.” Journal of Computer Information Systems 
(42:3), pp. 25-30. 
Tornatzky, L.G., and Klein, K.J. 1982. “Innovation characteristics and innovation adoption-im- 
plementation: a meta analysis of findings.” IEEE Transactions on Engineering Management (29:11), 
pp. 28-45. 
Venkatesh, V., and Davis, F. D. 2000. “A theoretical extension of the technology acceptance model: Four 
longitudinal field studies.” Management science (46:2), pp. 186-204.  
Weigel, F. K., Hazen, B. T., Cegielski, C. G., and Hall, D. J. 2014. “Diffusion of innovations and the theory 
of planned behavior in information systems research: A metaanalysis.” Communications of the 
Association for Information Systems (34:1), pp. 619-636. 
Wiederhold, G. 1992. “Mediators in the architecture of future information systems.” Computer (25:3), pp. 
38–49. 
World Economic Situation and Prospects (WESP) Classification Report, 2014. Available at 
https://www.un.org/en/development/desa/policy/wesp/wesp_current/wesp2014.pdf 
Yang, S. U. 2007. “An integrated model for organization—public relational outcomes, organizational 
reputation, and their antecedents.” Journal of Public Relations Research (19:2), pp. 91-121. 
Yuen, K. F., Wang, X., Ng, L. T. W., and Wong, Y. D. 2018. “An investigation of customers’ intention to use 
self-collection services for last-mile delivery.” Transport Policy (66), pp. 1-8.  
Zhu, K., and Kraemer, K. L. 2005. “Post-adoption variations in usage and value of e-business by 
organizations: cross-country evidence from the retail industry,” Information Systems Research (16:1), 
pp. 61-84. 
Zhu, K., Kraemer, K. L., and Xu, S. 2006. “The process of innovation assimilation by firms in different 
countries: a technology diffusion perspective on e-business,” Management Science (52:10), pp. 1557-
1576. 
Zmud, R. W. 1982. “Diffusion of modern software practices: influence of centralization and formalization,” 
Management science (28:12), pp. 1421-1431. 
Studies included in the meta-analysis 
Ainin, S., Parveen, F., Moghavvemi, S., Jaafar, N. I., and Mohd Shuib, N. L. 2015. “Factors influencing the 
use of social media by SMEs and its performance outcomes.” Industrial Management & Data Systems 
(115:3), pp. 570-588. 
Ali, A., Rahman, M. S. A., and Ismail, W. N. S. W. 2012. “Predicting continuance intention to use accounting 
information systems among SMEs in Terengganu, Malaysia.” International Journal of Economics and 
Management (6:2), pp. 295-320. 
Awa, H. O., Uko, J. P., and Ukoha, O. 2017. “An empirical study of some critical adoption factors of ERP 
software.” International Journal of Human–Computer Interaction (33:8), pp. 609-622. 
Azmi, A., Sapiei, N. S., Mustapha, M. Z., and Abdullah, M. 2016. “SMEs' tax compliance costs and IT 
adoption: the case of a value-added tax.” International Journal of Accounting Information Systems 
(23), pp. 1-13. 
Cao, Q., Gan, Q., and Thompson, M. A. 2013. “Organizational adoption of supply chain management 
system: A multi-theoretic investigation.” Decision Support Systems (55:3), pp. 720-727. 
Chandra, S., and Kumar, K. N. 2018. “Exploring factors influencing organizational adoption of augmented 
reality in e-commerce: Empirical analysis using technology-organization-environment model.” Journal 
of Electronic Commerce Research (19:3), pp. 237-265. 
Chen, Y., Yin, Y., Browne, G. J., and Li, D. 2019. “Adoption of building information modeling in Chinese 
construction industry: The technology-organization-environment framework.” Engineering, 
Construction and Architectural Management. Ahead-of-print, https://doi.org/10.1108/ECAM-11-
2017-0246. 
  Meta-Analysis of Diffusion of IT Innovations in Organizations 
  
 Fortieth International Conference on Information Systems, Munich 2019 17 
Cheng, S., and Cho, V. 2011. “An integrated model of employees’ behavioral intention toward innovative 
information and communication technologies in travel agencies.” Journal of Hospitality & Tourism 
Research (35:4), pp. 488-510. 
Deng, Z., Lu, Y., and Wang, B. 2009. “Understanding Chinese enterprises' adoption of enterprise short 
message services: combining IDT and TTF.” International Journal of Services Technology and 
Management (12:2), pp. 192-215. 
Ghobakhloo, M., and Hong Tang, S. 2013. “The role of owner/manager in adoption of electronic commerce 
in small businesses: The case of developing countries.” Journal of small business and enterprise 
development (20:4), pp. 754-787. 
Hasani, T., Bojei, J., and Dehghantanha, A. 2017. “Investigating the antecedents to the adoption of SCRM 
technologies by start-up companies.” Telematics and Informatics (34:5), pp. 655-675. 
Hassan, H., Tretiakov, A., and Whiddett, D. 2017. “Factors affecting the breadth and depth of e-
procurement use in small and medium enterprises.” Journal of Organizational Computing and 
Electronic Commerce (27:4), pp. 304-324. 
Henderson, D., Sheetz, S. D., and Trinkle, B. S. 2012. “The determinants of inter-organizational and internal 
in-house adoption of XBRL: A structural equation model.” International Journal of Accounting 
Information Systems (13:2), pp. 109-140. 
Ilin, V., Ivetić, J., and Simić, D. 2017. “Understanding the determinants of e-business adoption in ERP-
enabled firms and non-ERP-enabled firms: A case study of the Western Balkan Peninsula.” 
Technological Forecasting and Social Change (125), pp. 206-223. 
Klein, R. 2012. “Assimilation of Internet-based purchasing applications within medical practices.” 
Information & Management (49:3-4), pp. 135-141. 
Kuo, R. Z., Lai, M. F., and Lee, G. G. 2011. “The impact of empowering leadership for KMS adoption.” 
Management Decision (49:7), pp. 1120-1140. 
Lin, H. F., and Lee, G. G. 2006. “Effects of socio-technical factors on organizational intention to encourage 
knowledge sharing.” Management decision (44:1), pp. 74-88. 
Lin, H. F. 2006. “Impact of organizational support on organizational intention to facilitate knowledge 
sharing.” Knowledge Management Research & Practice (4:1), pp. 26-35. 
Mohammed, F., Ibrahim, O., Nilashi, M., and Alzurqa, E. 2017. “Cloud computing adoption model for e-
government implementation.” Information Development (33:3), pp. 303-323. 
Rajan, C. A., and Baral, R. 2015. “Adoption of ERP system: An empirical study of factors influencing the 
usage of ERP and its impact on end user.” IIMB Management Review (27:2), pp. 105-117. 
Ruivo, P., Oliveira, T., and Neto, M. 2014. “Examine ERP post-implementation stages of use and value: 
Empirical evidence from Portuguese SMEs.” International Journal of Accounting Information 
Systems (15:2), pp. 166-184. 
Safari F., Safari N., Hasanzadeh A., and Ghatari A.R. 2015. “Factors affecting the adoption of cloud 
computing in small and medium enterprises.” International Journal of Business Information Systems 
(20:1), pp. 116-137. 
Shaltoni, A. M. 2017. “From websites to social media: exploring the adoption of internet marketing in 
emerging industrial markets.” Journal of Business & Industrial Marketing (32:7), pp. 1009-1019. 
Shih, T. Y., and Lin, C. W. 2017. “Cloud service adoption by firms in Taiwan: Advancing trust theory and 
applications.” Information Development (33:5), pp. 495-511. 
Sun, Y., Bhattacherjee, A., and Ma, Q. 2009. “Extending technology usage to work settings: The role of 
perceived work compatibility in ERP implementation.” Information & Management (46:6), pp. 351-
356. 
Tajudeen, F. P., Jaafar, N. I., and Ainin, S. 2018. “Understanding the impact of social media usage among 
organizations.” Information & Management (55:3), pp. 308-321. 
Thong, J. Y. 1999. “An integrated model of information systems adoption in small businesses.” Journal of 
management information systems (15:4), pp. 187-214. 
Wang, Q., Sun, X., Cobb, S., Lawson, G., and Sharples, S. 2016. “3D printing system: an innovation for 
small-scale manufacturing in home settings? –early adopters of 3D printing systems in China.” 
International Journal of Production Research (54:20), pp. 6017-6032. 
Wu, Y., Cegielski, C. G., Hazen, B. T., and Hall, D. J. 2013. “Cloud computing in support of supply chain 
information system infrastructure: understanding when to go to the cloud.” Journal of Supply Chain 
Management (49:3), pp. 25-41. 
Xu, W., Ou, P., and Fan, W. 2017. “Antecedents of ERP assimilation and its impact on ERP value: A TOE-
based model and empirical test.” Information Systems Frontiers (19:1), pp. 13-30. 
